


Also make use of visual programming tool,
Orange - https://orangedatamining.com/
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Others who “do” informatics

« Physicians and medical students - first addressed by
AAMC Medical School Objectives Project (1998)

« Patients — 58% of US adults look online for health
information and 35% attempt to diagnose illness in
that manner (Fox, 2013)

- Clinical and translational scientists (Valenta, 2016)
- Next-generation research scientists (Moore, 2019)
e Nurses (Forman, 2020)

N
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1. Find, search, and apply knowledge-based
M information to patient care and other clinical tasks
I n fo r m a t I CS a n d h e a | t h 2. Effectively read from, and write to, the electronic
. . health record for patient care and other clinical
activities
p rOfeSS I O n S e d u Ca t I O n 3. Use and guide implementation of clinical decision
. . support (CDS)
* “SeaI'Ch englne das eSSEIItlal das 4. Provide care using population health management
stethoscope” for clinical practice e — :
N . Protect patient privacy and security
(Gl&SZlOll, 2 008) 6. Use information technology to improve patient
. o . e o e . safet
® “InformathS tra].nlng for Clln]-ClanS 1S 7. En;age in quality measurement selection and
more important than hardware and ;mS::\:ween;Ii:tinformation exchange (HIE) to identify
SOftW&I'E” (Safral'l, 2009) and access patient information across clinical settings
« Health informatics is a “required SKill fOT |z o peron vt ecors e atont
2 1St Century CliniCianS” (Fridsma’ 2018) Ts.r:\jlasintain professionalism through use of
« Competencies (Hersh, 2014; Hersh, 2020), |information technologytools
’ 11. Provide clinical care via telemedicine and refer
curricula (Hersh, 2017), and challenges R
12. Apply personalized/precision medicine
(WeICher’ 2018) 13. Participate in practice-based clinical and
translational research
UTSW Colloquium 2023 32 14. Apply machine learning applications in clinical
32
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OHSU MD clinical informatics curriculum

Strategies Methods
+ EHR from Day One + Early lecture — Information is
— Routine part of learning’ practice Different Now That You’re a Doctor
— Weekly case info in EHR + Weekly Clinical Informatics Pearls
+ “Boards or wards” mantra — Incremental skill building
— Preclinical only if needed for the + Clinical Skills Labs
boards or the wards — Combine skills into clinical tasks

* Tailor to weekly curriculum content . Traditional large group lectures

— Relevant and necessary E . X
+ Embedding and stealth teachin
— EHR data, knowledge sources . Informaticgé assessments ;

+ Blend material into weekly content _ Weekly homework
— Cotton ball in water glass _ Simulgtion lab
+ Spiraling — return periodically to Clini : ot
- . ! . inical experiences applications
build on earlier material — Telemedicine, population health
« Intersession focused activities

\,
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Parting words of wisdom

« No matter how focused your work in informatics (e.g., ML or
NLP researcher), it is important to have big picture, e.g.,
— Operations of healthcare system — good and bad
— EHR - alert fatigue, documentation burden, burnout, etc.
— Clinical decision support — benefits and shortcomings
— Data standards and interoperability
— Data and algorithm bias
— Operationalizing and evaluating Al

 Likewise if you are an informatics “generalist,” still must
understand what new methods and technologies aim to do, e.g.,
ML, Al etc.

N
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Parting words of wisdom (cont.)

« We must teach the right knowledge and skills to the
appropriate audience

« We “own” the downsides to the EHR, biased data and

algorithms, role o Al etc. — so we must teach about
the good and bad

» Teaching is fun and rewarding!

\,
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Thank you!

William Hersh, M.D.
Professor

Department of Medical Informatics & Clinical
Epidemiology

Oregon Health & Science University
Portland, OR, USA
Email: hersh@ohsu.edu
Web: http://www.billhersh.info
Blog: https://informaticsprofessor.blogspot.com/
Also on
Twitter — @williamhersh
Facebook
LinkedIn
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